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Rotating Modulation Collimator(RMC) is a useful technique for detecting remote radiation sources. To
visualize the location of the detected sources, we previously proposed an image reconstruction
algorithm. However, the algorithm produces undesirable artifacts for weak source activities due to
data-dependence of the Poisson noise variance. In this paper, we propose an improved the algorithm
using variance-stabilization transformation. Our experiments on simulated data show reduced artifacts

in the reconstruction images for weak radiation sources.

keyword: RMC, image reconstruction, MLEM, variance stabilization transformation
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Joint Fine-Tuning in Deep Neural Networks
for Facial Expression Recognition
A3 H, oA ¥, HFER

R B |
{heechul, haeng, junmo.kim}@kaist.ac.kr
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